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ABSTRACT 

Big data was created to deal with big and complicated datasets that are challenging to process using typical 

data-processing methods. Big data is currently being utilized to extract value from datasets through predictive 

analysis and other advanced data analytics. This paper introduces incremental Frequent Pattern (FP) analysis, a 

novel approach. The suggested incremental FP-Growth analysis is used to build a tree structure with the lowest 

redundancy, and the FP growth technique is used to locate frequent itemsets in a database without the need for 

candidate generation. This will reduce the number of scans in the database, lowering latency. 

I. INTRODUCTION 

Big data analytics programs have had a significant impact on people's daily life. A wide range of big data 

analytics solutions has evolved as a result of the growing interest in data-driven decision-making. Common 

patterns (FP) is a technique for discovering frequent itemsets in large transactional datasets, which can assist 

decision-makers in establishing policies. The Apriori technique was previously employed, but it builds itemsets 

using a bottom-up strategy, which has a lower processing performance due to a large amount of data. The 

suggested work employs a two-phase FP-growth approach: creating an FP-tree and mining the FP-tree, which is 

more efficient than the traditional Apriori algorithm. FP  reduces repeated database searches and enhances the 

frequency pattern analysis rate, giving you fast and reliable results for frequent itemsets. 

II. METHODOLOGY 

The FP-Growth method has been created in the proposed work, effectively overcoming the problem of "optimal 

moving product prediction." It delivers significantly better results when used in conjunction with the pruning 

and verifying approaches. In addition, to speed up our FP-Growth algorithm, we suggest a rapid validating 

strategy. FP-Growth employs the prefix projection recursion approach of the Prefix Span algorithm in a new 

algorithmic environment, thereby avoiding the problem of "best moving product prediction." 

Pre-Processing: 

In this step, the undesirable dataset is reduced using the map-reduce approach. 

Frequent 1-Itemset Generation: 

In this phase, we must determine how many times our product performs its transaction. Specifically, how many 

times has our product been purchased. 

K-Itemset Generation:  

In this step, we must specify a number for how many subsets we will examine. Using the second map reduction 

procedure, we must provide an input number and obtain the output as k-sets. 

Minimal Itemset Utility Mining:  

Previous work will become much smaller for generating itemset mining, such as FP-Tree and FP-Growth. As a 

result, an algorithm known as FP-Growth was developed by combining two additional approaches with FP-

Growth. The tactics can be used to reduce the number of previous works by minimizing the overestimated 

utility of item sets. 

K-FIU-Tree Generation:  

In this step, we use the FP growth algorithm to find the correct set of products that are maximum purchased. 
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III. MODELING AND ANALYSIS 

 

Figure 1: Design Analysis of Processing Stages. 

IV. RESULTS AND DISCUSSION 

The information relates to the shopping behavior of supermarket patrons. The majority of the qualities refer to 

a certain item group. The data utilized here comes from a dataset of retail transactions in which multiple people 

buy the same item at the same time. The algorithm is set up in such a way that it can handle 1 million records. 

As the number of transactions increases, the execution time for both algorithms increases with the minimum 

support levels, as seen in Figures (2&3) The findings show that the FP-growth algorithm is just slightly faster 

than the Apriori algorithm in terms of execution time, data support, and accuracy. 

                 

Figures (2&3): Accuracy of Apriori and FP-Growth Algorithm 

 

Figure 4: Graphical Representation of time taken and process done between Apriori and FP-Growth 
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V. CONCLUSION 

Several strategies are offered to improve utility mining output by reducing overstated efficiency. As the number 

of candidates grows, the Fp-Growth technique is utilized to maximize results by decreasing the search space 

and time. This approach will generate an FP-Tree, which can be used to prevent multiple database scans as well 

as the development of candidate itemsets. And, as you can see, it produces correct results in a shorter amount 

of time than other algorithms. So, in comparison to other data creation algorithms, we have successfully 

decided that the FP-Growth algorithm is by far the best. 
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