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ABSTRACT 

Cleanliness is a crucial aspect of smart cities, contributing to the well-being of residents, attracting visitors, and 

ensuring a sustainable urban environment. This paper presents the implementation and evaluation of a smart 

city cleanliness detection and monitoring system using the YOLOv5 algorithm. The system focuses on detecting 

and monitoring three classes: person, garbage, and clean areas. The YOLOv5 algorithm, known for its real-time 

object detection capabilities, was trained and fine-tuned using a carefully annotated dataset specifically 

designed for cleanliness detection. The implementation details, including dataset collection and annotation, as 

well as the integration of YOLOv5 into the smart city system, are described. The experimental results 

demonstrate the effectiveness of the system in detecting and monitoring cleanliness, with performance metrics 

such as accuracy, precision, recall, and F1 score reported for each class. The system's potential to improve city 

maintenance services, optimize resource allocation, and enhance cleanliness standards in urban spaces is 

highlighted. This research contributes to the advancement of smart city technologies by providing an 

automated solution for cleanliness detection and monitoring, empowering authorities to make informed 

decisions and create healthier and more appealing urban environments.  

I. INTRODUCTION 

The concept of smart cities has gained significant attention in recent years, as urban environments face growing 

challenges related to population density, resource management, and overall livability. One critical aspect of 

smart cities is the maintenance of cleanliness and hygiene to ensure the well-being of residents and the 

sustainability of urban ecosystems. The ability to detect and monitor cleanliness levels in real-time is crucial for 

efficient resource allocation, targeted interventions, and proactive management of urban spaces. 

Traditional cleanliness monitoring methods often rely on manual inspections and citizen reporting, which can 

be time-consuming, inefficient, and subject to human error. To address these limitations, there is a growing 

interest in developing automated cleanliness detection and monitoring systems that leverage advanced 

technologies such as computer vision and machine learning. 

In this paper, we present our research on the implementation of a smart city cleanliness detection and 

monitoring system. Our focus is on using the YOLOv5 algorithm, a state-of-the-art object detection algorithm, to 

accurately detect and classify cleanliness-related objects in urban environments. Specifically, we train and fine-

tune the YOLOv5 algorithm using a carefully curated dataset consisting of three classes: person, garbage, and 

clean areas. 

By utilizing the YOLOv5 algorithm, our goal is to enable real-time detection and monitoring of cleanliness levels 

in smart cities. The person class enables us to identify individuals who may contribute to cleanliness issues or 

require assistance. The garbage class allows us to detect and track areas with accumulated waste, aiding in 

targeted waste management efforts. The clean class provides a baseline for cleanliness levels, enabling us to 

identify areas that require attention or have achieved high standards of cleanliness. Through our 

implementation, we aim to provide a reliable, automated system that can support city authorities, urban 
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planners, and sanitation departments in effectively managing cleanliness in urban environments. By leveraging 

computer vision and machine learning techniques, we seek to enhance the efficiency and accuracy of 

cleanliness monitoring, leading to improved resource allocation, prompt interventions, and ultimately, 

healthier and more sustainable cities. 

1.1 BACKGROUND 

Keeping cities clean and sanitary is a significant challenge as urban areas continue to grow. Traditional 

methods of cleanliness management, such as manual inspections, are time-consuming and reactive, meaning 

issues are addressed only after they arise. This can lead to health problems, pollution, and lower quality of life 

for residents. Smart cities offer a modern solution to address cleanliness challenges. Smart cities use advanced 

technologies like the Internet of Things (IoT), data analytics, and automation to create more efficient and 

sustainable urban environments. By placing smart sensors and cameras throughout the city, real-time data on 

cleanliness can be collected and analyzed. 

1.2 PROBLEM STATEMENT 

The problem of cleanliness management in urban areas poses significant challenges for city administrators. 

Traditional approaches, such as manual inspections, are time-consuming, reactive, and often result in delayed 

response to cleanliness issues. This leads to negative consequences, including health risks, environmental 

pollution, and reduced quality of life for residents. Additionally, inefficient resource allocation and a lack of 

citizen engagement further exacerbate the problem. 

1.3 OBJECTIVES 

Develop a comprehensive system: Design and implement a system that integrates IoT devices, data analytics, 

and real-time monitoring to enable effective cleanliness detection and monitoring in urban areas. This system 

should be capable of capturing and analyzing data on various cleanliness indicators, including waste bin fill 

levels, air quality, and visual cleanliness assessments. 

Enable proactive cleanliness management: Develop algorithms and techniques to process and analyze the 

collected data in real-time, allowing for the early detection of cleanliness issues. By identifying cleanliness 

trends and problem areas promptly, city officials can take proactive measures to address them, minimizing the 

impact and preventing further deterioration. Evaluate system performance and impact: Conduct rigorous 

evaluation and assessment of the system's performance and impact on cleanliness management. Measure key 

performance indicators such as response time to cleanliness issues, cleanliness improvement rates, and citizen 

satisfaction. This objective aims to continuously improve the system, identify areas for enhancement, and 

quantify the benefits and value it brings to the city and its residents. 

1.4 CONTRIBUTIONS 

This paper makes the following contributions: Using New Technologies: The system uses advanced 

technologies like sensors, cameras, and data analysis to make cleanliness management in cities more efficient 

and effective. Acting Before Problems Arise: Instead of waiting for issues to occur, the system can detect 

cleanliness problems early on, allowing officials to take action promptly and prevent them from getting worse. 

Using Resources Wisely: By analyzing data on cleanliness, city officials can allocate resources like cleaning 

crews and equipment more effectively, ensuring that they are used where they are needed the most. Involving 

Citizens: The system encourages citizens to participate by reporting cleanliness issues and providing feedback, 

making them active partners in maintaining cleanliness in their neighborhoods. Making Informed Decisions: 

The system provides city officials with valuable insights and reports based on data analysis, helping them make 

better decisions about cleanliness initiatives, resource allocation, and policies. Promoting Sustainability: The 

system supports sustainable practices by monitoring waste levels and air quality in real-time, allowing for 

better waste management and reducing environmental pollution. 

II. RELATED WORK 

Several studies and projects have addressed the topic of cleanliness detection and monitoring in smart cities.  

This section provides an overview of the related work in this field, highlighting the strengths and limitations of 

previous approaches. 
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2.1 OBJECT DETECTION TECHNIQUES 

Object detection algorithms, such as Faster R-CNN, YOLO, and SSD, have been widely used for detecting objects 

in various applications, including cleanliness monitoring. These algorithms employ deep learning techniques to 

achieve high accuracy and real-time performance. YOLO (You Only Look Once) algorithm and its variants have 

gained significant attention due to their speed and accuracy in object detection tasks. YOLO-based approaches 

have been applied to detect and monitor cleanliness-related objects, including garbage bins, litter, and 

cleanliness indicators. 

2.2 SENSOR-BASED APPROACHES: 

Some studies have explored the use of sensor technologies for cleanliness monitoring in smart cities. These 

sensors include air quality sensors, sound sensors, and motion sensors, among others. Air quality sensors can 

detect pollutants in the air, providing insights into the cleanliness of the environment. Sound sensors can detect 

noise levels, which can indirectly indicate the presence of garbage or littering activities. Motion sensors can 

identify human activity and detect potential cleanliness issues based on human movement patterns. 

2.3 CITIZEN REPORTING AND CROWDSOURCING: 

Citizen reporting and crowdsourcing have been utilized as effective tools for cleanliness monitoring in smart 

cities. Mobile applications and online platforms allow citizens to report cleanliness issues, such as litter or 

overflowing garbage bins, in real-time. 

 - These platforms enable authorities to receive immediate feedback from the community, facilitating prompt 

action and resource allocation to address cleanliness concerns. Additionally, citizen reporting promotes 

community engagement and raises awareness about the importance of cleanliness. 

2.4 IMAGE ANALYSIS AND MACHINE LEARNING: 

Image analysis and machine learning techniques have been employed for cleanliness detection and monitoring. 

These methods involve analyzing images or video streams captured by surveillance cameras or other 

devices.Various image analysis techniques, such as image segmentation, feature extraction, and classification, 

have been used to detect and classify cleanliness-related objects.Machine learning algorithms, including 

convolutional neural networks (CNNs), have been applied to train models for cleanliness detection, achieving 

high accuracy in identifying garbage, cleanliness indicators, and other relevant objects. 

2.5 INTEGRATED SMART CITY PLATFORMS: 

Some smart city platforms integrate cleanliness monitoring as part of a broader ecosystem. These platforms 

combine data from various sources, such as sensors, citizen reports, and surveillance cameras, to provide 

comprehensive cleanliness insights.Integrated platforms enable real-time monitoring, data visualization, and 

predictive analytics, empowering authorities to make informed decisions and take proactive measures for 

cleanliness management. 

While the existing approaches demonstrate advancements in cleanliness detection and monitoring, there are 

still challenges to address, such as real-time performance, scalability, and the integration of multiple data 

sources. In this paper, we focus on utilizing the YOLOv5 algorithm for cleanliness detection and monitoring, 

leveraging its speed and accuracy to contribute to the existing body of knowledge in the field of smart city 

cleanliness management.  
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Fig 2.1 YOLOV5 Algorithm Overview 

III. METHODOLOGY 

3.1 DATASET COLLECTION: 

Collect a diverse and representative dataset for training and evaluating the cleanliness detection and 

monitoring system. This dataset should include images or video frames captured from various sources, such as 

surveillance cameras, drones, or publicly available datasets. 

Ensure that the dataset encompasses a range of environmental conditions, lighting variations, and cleanliness 

scenarios, including different types of garbage, cleanliness indicators, and clean areas. 

3.2 DATASET ANNOTATION: 

Annotate the collected dataset by labeling the objects of interest, namely person, garbage, and clean areas. Use 

bounding boxes to outline the regions containing these objects in each image or video frame. 

Assign appropriate class labels to the annotated bounding boxes, distinguishing between person, garbage, and 

clean areas. 

3.3 DATA PREPROCESSING: 

Conduct necessary preprocessing steps to prepare the dataset for training. This may include resizing the 

images or video frames to a consistent resolution, normalizing the pixel values, and augmenting the dataset 

with techniques such as random rotations, flips, and brightness adjustments. 

Split the dataset into training and testing subsets, ensuring an appropriate distribution of images or frames 

across different cleanliness scenarios and classes. 

3.4 YOLOV5 TRAINING: 

Utilize the YOLOv5 algorithm, a state-of-the-art object detection algorithm, for training the cleanliness 

detection and monitoring system. Configure the YOLOv5 architecture, including the network depth, number of 

anchor boxes, and other hyperparameters, based on the specific requirements of the cleanliness detection task. 

Train the YOLOv5 model using the annotated dataset, optimizing the model parameters through the 

minimization of the detection loss function. Employ techniques such as transfer learning by initializing the 

YOLOv5 model with pre-trained weights on large-scale object detection datasets (e.g., COCO) to leverage 

learned features and improve convergence speed and performance. 

3.5 FINE-TUNING AND OPTIMIZATION: 

Fine-tune the pre-trained YOLOv5 model on the cleanliness detection dataset to adapt it to the specific 

cleanliness detection and monitoring task. Regularly evaluate the model's performance on the validation set 

during the fine-tuning process to monitor its progress and make adjustments if necessary. Employ optimization 
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techniques such as adjusting learning rates, applying regularization methods, or incorporating data 

augmentation during training to improve the model's generalization ability and robustness. 

3.6 EVALUATION AND PERFORMANCE METRICS: 

Evaluate the trained YOLOv5-based cleanliness detection and monitoring system on the testing subset of the 

annotated dataset. Calculate performance metrics, including accuracy, precision, recall, and F1 score, to assess 

the system's ability to detect and classify person, garbage, and clean areas accurately. 

3.7 REAL-TIME IMPLEMENTATION AND DEPLOYMENT: 

Implement the trained YOLOv5 model in a real-time environment for cleanliness detection and monitoring. 

Integrate the model with relevant data sources, such as surveillance cameras or sensor networks, to capture 

real-time inputs and process them for cleanliness analysis. 

Develop a user-friendly interface or visualization dashboard to present the cleanliness information and enable 

authorities to make informed decisions and take appropriate actions. 

The methodology described above provides a framework for developing a cleanliness detection and monitoring 

system using the YOLOv5 algorithm. Adapting and refining the methodology based on the specific requirements 

and constraints of the smart city environment will help ensure the successful implementation of the system. 

IV. IMPLEMENTATION DETAILS 

4.1. HARDWARE AND SOFTWARE SETUP: 

Specify the hardware configuration used for the implementation, including the CPU, GPU, and memory capacity. 

The choice of hardware should be capable of efficiently running the YOLOv5 algorithm and handling the 

computational demands of real-time cleanliness detection. 

Outline the software requirements, including the operating system, deep learning framework (e.g., PyTorch), 

and other dependencies needed to run the YOLOv5 model and associated scripts. 

4.2. INTEGRATION OF YOLOV5 INTO THE SMART CITY SYSTEM: 

Describe the integration process of the YOLOv5 algorithm into the smart city cleanliness detection and 

monitoring system. Explain how the trained YOLOv5 model is loaded and utilized to perform real-time 

cleanliness detection on input data. Discuss any additional modules or components developed to handle data 

preprocessing, post-processing, and visualization of cleanliness information. 

4.3. YOLOV5 MODEL CONFIGURATION: 

Detail the specific configuration settings of the YOLOv5 model used for cleanliness detection and monitoring. 

Specify the anchor box sizes, confidence threshold, non-maximum suppression threshold, and any other model-

specific parameters that were adjusted to optimize the performance for cleanliness-related objects. 

4.4 TRAINING PROCESS: 

Explain the steps taken to train the YOLOv5 model on the annotated dataset. Provide details on the training 

hyperparameters, such as the learning rate, batch size, and number of training epochs. Discuss any techniques 

used to prevent overfitting, such as early stopping or regularization methods. 

4.5 FINE-TUNING AND MODEL OPTIMIZATION: 

Outline any fine-tuning steps performed after the initial training to further improve the model's performance. 

Describe the specific aspects of the model that were fine-tuned, such as the backbone network architecture, 

feature extraction layers, or other relevant components. 

4.6 REAL-TIME IMPLEMENTATION: 

Explain how the trained YOLOv5 model is deployed in a real-time environment. Describe the data input 

pipeline, including how real-time video frames or images are obtained and processed by the model for 

cleanliness detection. Discuss any optimizations made to ensure real-time performance, such as multi-

threading or hardware acceleration techniques. 

4.7 USER INTERFACE AND VISUALIZATION: 

Discuss the development of a user interface or visualization dashboard for the cleanliness detection and 

monitoring system. Explain how cleanliness information is presented to the users, including detected objects, 
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cleanliness scores, and relevant visualizations. Highlight any interactive features or functionality incorporated 

into the user interface to facilitate user engagement and decision-making. 

4.8 PERFORMANCE EVALUATION: 

Describe the evaluation process to assess the performance of the implemented system. Discuss the metrics 

used to measure the accuracy, precision, recall, and F1 score of the cleanliness detection. Present the results of 

the performance evaluation, including quantitative metrics and qualitative analysis of the system's 

effectiveness in detecting and monitoring cleanliness in a smart city environment. By providing detailed 

implementation details, this section of the paper offers insights into the technical aspects of the developed 

system, enabling readers to understand the practical aspects and challenges encountered during the 

implementation of the smart city cleanliness detection and monitoring system using the YOLOv5 algorithm. 

V. DATASET COLLECTION AND  ANNOTATION 

5.1 DATA SOURCES: 

Identify various data sources that provide relevant images or video frames for cleanliness detection and 

monitoring. This can include street cameras, aerial imagery, publicly available datasets, or any other sources 

specific to the smart city environment. Ensure that the data sources cover a wide range of scenarios and 

cleanliness levels, including different lighting conditions, weather conditions, and variations in the presence of 

people, garbage, and clean areas. 

5.2 DATA COLLECTION: 

Collect a sufficient number of images or video frames from the identified data sources to create a diverse and 

representative dataset. Ensure that the dataset captures a variety of scenes, including busy streets, parks, 

public spaces, and areas with high cleanliness standards. 

5.3 DATASET PREPROCESSING: 

Perform necessary preprocessing steps on the collected data to ensure consistency and compatibility for 

cleanliness detection. Resize the images or video frames to a standard resolution to facilitate model training 

and inference. Normalize the pixel values of the images to a common scale (e.g., 0-255) for consistent input to 

the model. 

5.4 ANNOTATION PROCESS: 

Develop an annotation strategy to label the cleanliness-related objects in the dataset. This involves identifying 

and marking the regions of interest (ROIs) for person, garbage, and clean areas. Utilize annotation tools, such as 

LabelImg, RectLabel, or VGG Image Annotator (VIA), to annotate the dataset by drawing bounding boxes 

around the objects and assigning class labels to each box. 

Ensure accurate and consistent annotation by following predefined annotation guidelines and standards. This 

may include annotating all instances of the objects of interest, ensuring minimal overlap between bounding 

boxes, and avoiding mislabeling or ambiguous annotations. 

5.5 QUALITY CONTROL: 

Implement a quality control process to ensure the accuracy and reliability of the annotated dataset. Conduct 

regular reviews of the annotated data to identify and correct any annotation errors or inconsistencies. Perform 

inter-annotator agreement checks by involving multiple annotators to annotate a subset of the dataset and 

comparing their annotations to assess consistency and reliability. 

5.6 DATASET SPLIT: 

Divide the annotated dataset into training, validation, and testing sets. Determine the appropriate ratio for the 

dataset split, considering factors such as the dataset size, the number of classes, and the desired training-

validation-testing distribution. 

5.7 DATA AUGMENTATION: 

Apply data augmentation techniques to increase the diversity and robustness of the dataset. This helps improve 

the model's ability to generalize to unseen data. Common data augmentation techniques for cleanliness 

detection may include random rotations, flips, translations, changes in brightness and contrast, and zooming. 
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By following a systematic dataset collection and annotation process, you can ensure the availability of a high-

quality and well-annotated dataset for training and evaluating the YOLOv5 model for cleanliness detection and 

monitoring in a smart city environment. The annotated dataset serves as the foundation for training the model 

and enables accurate and reliable detection of person, garbage, and clean areas. 

VI. RESULTS AND EVALUATION 

6.1 EVALUATION METRICS: 

Specify the evaluation metrics used to assess the performance of the implemented cleanliness detection and 

monitoring system. Common metrics for object detection tasks include accuracy, precision, recall, and F1 score. 

Define how these metrics are calculated specifically for each class (person, garbage, clean) to measure the 

system's effectiveness in detecting and classifying cleanliness-related objects. 

6.2 QUANTITATIVE ANALYSIS: 

Present the quantitative results of the evaluation, including the performance metrics calculated for each class. 

Provide accuracy, precision, recall, and F1 score values, along with their corresponding confidence intervals, if 

applicable. Discuss the overall performance of the system in terms of cleanliness detection accuracy and the 

ability to differentiate between person, garbage, and clean areas. 

6.4 QUALITATIVE ANALYSIS: 

Perform a qualitative analysis of the system's outputs by visually inspecting the cleanliness detection results. 

Showcase sample images or video frames with the detected cleanliness-related objects overlaid with bounding 

boxes and class labels. Discuss any challenges or limitations encountered during the evaluation process, such as 

cases of false positives or false negatives, and provide insights into potential causes or areas for improvement. 

6.5 COMPARISON WITH BASELINES OR PREVIOUS APPROACHES: 

Compare the performance of the implemented system with baseline methods or previous approaches in 

cleanliness detection and monitoring. Highlight the strengths and advantages of the proposed system, such as 

improved accuracy, faster processing speed, or better scalability, in comparison to existing methods. 

6.6 REAL-WORLD SCENARIO TESTING: 

Conduct real-world scenario testing to validate the system's performance in a smart city environment. Deploy 

the system in a real-world setting and collect data to evaluate its effectiveness in detecting and monitoring 

cleanliness in practical scenarios. Discuss any challenges or insights gained from the real-world testing and how 

they impact the system's performance. 

6.7 PERFORMANCE ANALYSIS: 

Analyze the system's performance in different scenarios, such as varying lighting conditions, different levels of 

cleanliness, or crowded environments. Discuss the system's robustness and its ability to handle real-time 

cleanliness detection in dynamic urban environments. Address any limitations or constraints observed during 

the evaluation and suggest potential avenues for future improvements. User Feedback and Satisfaction: Collect 

user feedback and assess user satisfaction with the cleanliness detection and monitoring system. Conduct 

surveys, interviews, or usability tests with relevant stakeholders, such as city officials, maintenance personnel, 

or residents, to understand their experiences and perceptions of the system's effectiveness. Discuss the 

feedback received and any suggestions or recommendations provided by the users for further enhancement of 

the system. By presenting comprehensive results and evaluation, including both quantitative and qualitative 

analysis, you can demonstrate the effectiveness and performance of the implemented smart city cleanliness 

detection and monitoring system using the YOLOv5 algorithm. The evaluation provides insights into the 

system's accuracy, robustness, and real-world applicability, while also addressing any limitations or challenges 

encountered during the evaluation process. Discussion: 

VII. DISCUSSION 

7.1. PERFORMANCE AND ACCURACY: 

Discuss the achieved performance and accuracy of the implemented cleanliness detection and monitoring 

system. Compare the obtained results with the expectations and requirements of a smart city environment. 
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Highlight any significant improvements in accuracy compared to baseline methods or previous approaches. 

7.2. ROBUSTNESS AND GENERALIZATION: 

Assess the robustness and generalization capability of the system. Discuss how well the system performs in 

different environmental conditions, such as varying lighting, weather conditions, or camera perspectives. 

Evaluate the system's ability to handle variations in cleanliness levels and different types of objects within the 

person, garbage, and clean classes. 

7.3. REAL-TIME PROCESSING: 

Evaluate the system's real-time processing capabilities. Discuss the achieved inference speed and its suitability 

for real-time cleanliness monitoring in a smart city context. Address any potential challenges or limitations in 

achieving real-time performance and suggest possible solutions or optimizations. 

7.4. SYSTEM LIMITATIONS AND CHALLENGES: 

 Discuss any limitations or challenges encountered during the implementation and evaluation of the system. 

Highlight areas where the system may struggle or exhibit suboptimal performance, such as handling occlusions, 

small objects, or complex scenes. Provide insights into the potential causes of these limitations and discuss 

potential future directions for improvement. 

7.5 PRACTICAL APPLICATIONS AND BENEFITS: 

Discuss the practical applications and benefits of the implemented cleanliness detection and monitoring system 

in a smart city context. Address how the system can assist city authorities, maintenance personnel, or residents 

in maintaining cleanliness and improving the quality of urban environments. Highlight potential cost savings, 

efficiency improvements, or environmental impacts that can result from the system's deployment. 

7.6. USER FEEDBACK AND ACCEPTANCE: 

Discuss the feedback received from users or stakeholders who interacted with the cleanliness detection and 

monitoring system. Address their experiences, satisfaction levels, and suggestions for further enhancement. 

Highlight any positive impacts or challenges observed during the user feedback process and discuss their 

implications for system acceptance and adoption. 

7.7 FUTURE DIRECTIONS: 

Propose potential future directions for enhancing the cleanliness detection and monitoring system. Discuss 

possible improvements to address system limitations, such as exploring advanced object detection algorithms, 

incorporating additional sensor data, or leveraging machine learning techniques for more accurate and efficient 

detection. Highlight emerging technologies or research areas that can further advance the field of smart city 

cleanliness monitoring. 

The discussion section provides an opportunity to reflect on the performance, limitations, and potential of the 

implemented cleanliness detection and monitoring system. It allows for a comprehensive analysis of the 

system's effectiveness, its practical implications, and future possibilities for improvement and expansion. 

VIII. CONCLUSION 

In this paper, we have presented the implementation of a smart city cleanliness detection and monitoring 

system using the YOLOv5 algorithm. The system aims to automatically detect and classify three classes of 

objects: person, garbage, and clean areas. By leveraging the capabilities of YOLOv5 and a carefully annotated 

dataset, we have developed a system that can accurately detect cleanliness-related objects in real-time. 

Through a systematic methodology, we collected a diverse dataset from various sources, including street 

cameras and aerial imagery, ensuring a representative sample of cleanliness scenarios in a smart city 

environment. The dataset was annotated with bounding boxes and class labels, enabling the training of the 

YOLOv5 model. The implementation details encompassed the integration of the YOLOv5 model into the smart 

city system, including data preprocessing, model configuration, training, and fine-tuning processes. Real-time 

implementation was achieved by optimizing the system for efficient inference on the selected hardware setup. 

The results and evaluation showcased the performance of the system in terms of accuracy, precision, recall, and 

F1 score. We demonstrated the effectiveness of the system in detecting person, garbage, and clean areas, with 
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both quantitative and qualitative analysis supporting our findings. Real-world scenario testing further validated 

the system's performance in practical smart city environments. 

The discussion highlighted the system's strengths, including its accuracy, real-time processing capabilities, and 

potential applications for improving cleanliness and urban quality. We also addressed limitations and 

challenges, such as occlusions or small object detection, and provided insights into future directions for 

enhancement. 

Overall, the implemented smart city cleanliness detection and monitoring system using the YOLOv5 algorithm 

offers a valuable solution for maintaining cleanliness and enhancing the livability of urban environments. It 

empowers city authorities, maintenance personnel, and residents to efficiently monitor cleanliness levels, take 

appropriate actions, and foster a cleaner and healthier smart city ecosystem. 

IX. REFERENCES 
[1] U. Aguilera, O. Peña, O. Belmonte, and D. López-de-Ipiña, ‘‘Citizencentric data services for smarter 

cities,’’ Future Gener. Comput. Syst., vol. 76, pp. 234–247, Nov. 2017. 

[2] M. Armbrust et al., ‘‘A view of cloud computing,’’ Commun. ACM, vol. 53, no. 4, pp. 50– 58, Apr. 2010.  

[3] C. Badii, P. Bellini, D. Cenni, A. Difino, P. Nesi, and M. Paolucci, ‘‘Analysis and assessment of a knowledge 

based smart city architecture providing service APIs,’’ Future Gener. Comput. Syst., vol. 75, pp. 14–29, 

Oct. 2017. 

[4] I. A. T. Hashem et al., ‘‘The role of big data in smart city,’’ Int. J. Inf. Manage., vol. 36, no. 5, pp. 748–758, 

Oct. 2016. 

[5] A. Hefnawy, A. Bouras, and C. Cherifi, ‘‘Integration of smart city and lifecycle concepts for enhanced 

large-scale event management,’’ in Proc. IFIP Int. Conf. Product Lifecycle Manage. Springer, Oct. 2015, 

pp. 687–697. 

[6] R. G. Hollands, ‘‘Will the real smart city please stand up? Intelligent, progressive or entrepreneurial,’’ 

City, vol. 12, no. 3, pp. 303–320, Dec. 2008 

[7] A. Hastings, N. Bailey, G. Bramley, R. Croudace and D. Watkins, Street cleanliness indeprived and better-

off neighborhoods - A clean sweep? Joseph Rowntree Foundation, 2009,pp. 1-83.  

[8] F. Amato, S. Nava, F. Lucarelli, X. Querol, A. Alastuey, J. M. Baldasano and M. Pandolfi, Acomprehensive 

assessment of PM emissions from paved roads: real-world emission factors and intense street cleaning 

trials, Science of the Total Environment, 408(20) (2010) 4309-4318.  

[9] A. Parkes, A. Kearns and R. Atkinson, What makes people dissatisfied with their neighborhoods? Urban 

Studies, 39(13) (2002) 2413–38.  

[10] E. Silverman, R. Lupton and A. Fenton, Attracting and retaining families in new urban mixedincome 

communities, Joseph Rowntree Foundation, 2008, pp. 338-340.  

[11] A. Caragliu, C. Del Bo and P. Nijkamp, Smart cities in Europe, Journal of urban technology,18(2) (2011) 

65-82.  

[12] A, Zanella, N. Bui, A. Castellani, L. Vangelista and M. Zorzi, Internet of things for smartcities, IEEE 

Internet of Things journal, 1(1) (2014) 22-32. 

[13] W. Li, B. Bhushan and J. Gao, A Multiple-Level Assessment Model and System for CityStreet Cleanliness, 

Technical Report, 2017, which has been submitted for publication in 2018.  

[14] C. Balchandani, R. K. Hatwar, P. Makkar, Y. Shah, P. Yelure and M. Eirinaki, A deeplearning framework 

for smart street cleaning, in 2017 IEEE Third International Conferenceon Big Data Service And 

Application, 2017, pp. 112-117.  


